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Abstract

SVe examine whether conflicts of interest with investment banking and brokerage
businesses induce sell-side analysts to issue optimistic stock recommendations
and, if so, whether investors are misled by such biases. Using quantitative
measures of potential conflicts constructed from a navel data set containing
revenue breakdowns of analyst employers, we find that recommendation levels

are indeed positively related to conllict magnitudes. The optimistic bias stem-

ming from investment banking conflicts was especially pronounced during the
late-1990s stock market bubble. However, evidence from the response of stock

prices and trading volumes to upgrades and downgrades suggests that the market
recognizes analysts'onflicts and properly discounts analysts'pinions. This
pattern persists even during the bubble period. Ivloreover, the 1-year stock
perforniance following revised recommendations is unrelated to the magnitude
ofconflicts. Overall, our findings do not support the view that conflicted analysts
are able to systematically mislead investors with optimistic stock recommen-
dations.

1. Introduction

In April 2003, 10 of the largest IVag Street firms reached a landmark settlement
with state and federal securities regulators on the issue of conflicts of interest
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faced by stock analysts.'he settlement requires the firms to pay a record $ 1.4

billion in compensatian and penalties in response to government charges that
the firms issued optimistic stock research to win favor with potential investment
banking (IB) clients. Part ol'he settlemenl funds are earmarked for investor
education and for provision of research from independent firms. In addition to

requiring large monetary payments, the settlement mandates structural changes
in the firms'esearch operalions and requires the firms to disclose conflicts of
interest in analysts'esearch reports.

The notion that investors are victims of biased stock research presumes that

(I) analysts respond to the conflicts by inflating their stock recommendations
and (2) investors take analysts'ecommendations at face vahte. Even if analysts
are biased, it is possible that investors understand the conflicts of interest inherent
in stock research and rationally discount analysts'pinions. This alternative
viewpoint, if accurate, ivould lead to very different conclusions about the con-
sequences of analysts'esearch. Indeed, investors'aiianality and self-interested
behavior imply that stock prices should accurately reflect a consensus about the
informational quality of public announcements (Grossman 1976; Grossman and
Stiglitz 1980). Rational investors would recognize and adjust For analysts'o-
tential conflicts of interest and thereby largely avoid the adverse consequences
of biased stock recommendations.

In this article, we provide evidence on the extent to which analysts and in-
vestors respond to conflicts of interest in stock research. We address four ques-
tions. First, is the extent of optimism in stock recommendations related to the
magnitudes of analysts'onflicts of interest? Second, to what extent do investors
discount the opinions of more conflicled analysts? In particular, do stock prices
and trading volumes react to recommendation revisions in a manner that ra-

tionally reflects the degree of analysts'onflicts? Third, is the medium-term (that
is, 3- to 12-month) performance of recommendation revisions related to conflict
severity? And, finally, did conflicts of interest affect analysts or investors differ-

ently during the late-1990s stock bubble than during the pastbubble period? The
answers to these questions are clearly of relevance to stock market participants,
public policy makers, regulators, and the academic profession.

We use a unique, hand-collected data set that contains the annual revenue
breakdown lor 232 public and private analyst employers. This information allows

us to construct quantitative measures of the magnitude ol'potential confiicts not
only From IB business but also from brokerage business. We analyze a sample
of over 110,000 stock recommendations issued by over 4,000 analysts during
the 1994—2003 time period, Using univariate tests as well as cross-sectional
regressions that control for the size of the company followed and individual
analysts'xperience, resources, worl&loads, and reputations, we attempt lo shed

'wu more securities firms (Deutsche Bank Securities inc. and Thomas ivciscl Partners Lliu) were
added ru the formal settlement in August 2004.
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light both on how analysts respond to pressures from IB and brokerage businesses
and on how investors compensate for the exislence of such conflicts of interest.

A number of studies (For example, Dugar and Nathan )995; Lin and McNichols
1998; Miclmely and Womack )999; Dechow, Hutton, and Sloan 2000; Bradley,
Jordan, and Ritter 2008) Focus on conflicts faced by analysts in the context of
existing underwriting relationships (see also Malmendier and Shanthikumar
2007; Cliff 2007).'ur article complements this literature in several ways. First,
we take into account the pressure to generate underwriting business from both
current and potential client companies. Even if an analyst's firm does not cur-
rently do IB business with a company that the analyst traclcs, it might like to
do so in the future. Second, we examine the conflict between research and all
IB services (including advice on mergers, restructuring, and corporate control),
rather than just underwriting. Third, we examine conflicts arising from brokerage
business in addition to those from IB.'ourth,ihe prior empirical finding that underwriter analysis tend to be more
optimistic than other analysts is consistent with two alternative interpretations:
(0) an optimistic report on a company by an underwriter analyst is a reward
For past IB business or an attempt to win future IB business by currying favor
with the company or (b) a company chooses an underwriter ivhose analyst already
likes tlie stock. The second interpretation implies that underwriter choice is
endogenous and does not necessarily imply a conflict of interest. We sidestep
this issue of endogeneity by not Focusing on underwriting relations between an
analyst's firm and the company Followed. Instead, our conflict measures focus
on the importance to the analyst's firm of IB and brokerage businesses, as
measured by the percentage of its annual revenue derived from IB business and
From brokerage commissions. Unlike underwriting relations between an analyst's
firm and the company Followed, the proportions of the entire firm's revenues
from each of these businesses can reasonably be viewed as given, exogenous
variables from the viewpoint of an individual analyst. Finally, our approach yields
substantially larger sample sizes than those used in prior research, and it therefore
leads to greater statistical reliability of the results.

Several articles adopt an approacli that is similar in spirit to ours. For example,
Barber, LehatT, and Trueman (2007) find that recommendation upgrades (down-
grades) by investment banks—which typically also have brokerage businesses—

'olson, Frelxss, snd Shapiro (2007) theoretically snslyzc s different type of conllict of lntcrest
in financial intermediation, one faced by n financial advisor wliose firm also produces financial
products (such ss in-house mutual funds). hlehrsn snd Stuls (2007) prov)dc sn esceflent reflew of
the lliersture on conflicts of interest in financial institutions.

'ayes (1998) snslyzes how pressure an enslysu to generate brokerage comtulsslons effects thc
availability snd accuracy of earnings forecasts. Boils lrvlne (2004) snd Jackson (2005) find thai
analysts'ptimism lncrr.sses s brokersgc firm's slisre of ihe Irsding volunie. Ljungrtvtst et sl. (2007)
find that snslysts employed by Lirgcr brokerage houses issue more optimistic recommendations snd
more accurate earnings forecssts. However, none of these articles examines how investors'esponses
to analysts'ccommendetlons sml the investment performnnce of recommcndstlons vary with thc
severity of brokerage conflicts, issues that ive lnvesilgste here.
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underperform (outperForm) similar recommendations by non-IB brokerages and

independent research firms. Cowen, Groysberg, and I-Iealy (2006) find that full-

service securities firms—which have both IB and brokerage businesses—issue

less optimistic forecasts and recommendatians than do non-IB brokerage houses.
Finally, Jacob, Rock, and Weber (2008) find that short-term earnings forecasts
made by investment banks are more accurate and less optimistic than those
made by independent research firms. We extend this line of research by quan-
tifying the reliance of a securities firm on IB and brokerage businesses. This is

an important Feature of our article I'or at least two reasons. First, given that
many securilies firms operate in multiple lines of business, it is difficult to classify

them by business lines. By separately measuring the magnitudes of both IB and
brokerage conflicts in each firm, our approach avoids the need to rely on a

classificntion scheme. Second, since lhe focus of this research is on the conse-
quences of analysts'onflicts, the measurement of those conflicts is important.
Our conclusions sometimes differ from those in classification-based studies.

We find that analysts do indeed seem to respond to pressures From IB and
brokerage businesses: larger potential conflicts of interest from these businesses
are associated with more positive stock recommendatians. We also document
that the distortive effects of IB conflicts were larger during the late-1990s stock
bubble than during the postbubble period. Nonetheless, the empirical analysis
yields several pieces of evidence to suggest that investors are sophisticated enough
to adjust for these biases. First, the short-term reactions of both stocl& prices
and trading volumes to recommendation upgrades are negatively and statistically
significantly related to the magnitudes of potential IB or brokerage conflicts. For
downgrades, the corresponding relation is negative for stock prices but positive
for tradmg volumes. Second, the I-year inveslment performance after recom-
mendation revisions bears no systematic relation to the magnitude of conflicts.
Finally, investors continued to discount conflicte analysts'pinions during the
bubble period, even amid the euphoria prevailing in the market at the time.
Together these results strongly support the idea that the marginal investor, taking
analysts'onflicts inta account, rationally discounts optimistic stock recom-

mendaiions.'he

remainder of the article is organized as follows. We discuss the issues in

Section 2 and describe our sample and data in Section 3. Section 4 examines
the relation between recommendation levels and the degree of IB or brokerage
conflict faced by analysts. Section 5 analyzes how conflicts are related to the
response of stack prices or trading volumes to recommendation revisions. Section

"In s companion paper (Agretvel mtd Chen 2005), we find tbet analysts appear to respond to
conflicts when making long-term earnings growth projections but not sbort-term earnings forecests.
Tltis lituling is consistent with tbc idea that, with sltort-term forecssts, analysts worry about their
deception being revealed with the next quertcrly earnings release, but they hevc greeter lecwey with
long-term forccests. tve also find that the frequency of forccest revisions is positively reletcd to the
magnitude o(brokerage conilicts, end scverel tests suggest that analysts'redt. generation incentives
impair the quslity o(stock research.
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6 investigates the relation between conflicts and the investment performance of
recommendation revisions. Section 7 presents our results for the late-1990s stock
bubble and postbubble periods, and Section 8 concludes.

2. Issues and Ilypotheses

Investment banking activity is a potential source ol'nalyst conflict that has
received widespread attention in the financial media (for example, Gasparino
2002; Maremont and Bray 2004) as well as the academic literature (for example,
Lin and McNichols 1998; Michacly and Womack 1999). When IB business is an
important source of revenue for a securities firm, a stock analyst employed by
the firm often faces pressure to inflate his or her recomtnendations. This pressure
is due to the fact that the firm ivould like to sell IB seivices to a company that
the analyst iracks.'he company, in turn, would like the analyst to support iis

stock with a favorable opinion. Thus, we expect that the more critical is IB

revenue to an analyst's employer, the greater the incentives an analyst faces to
issue optimistic recommendations."

Analysts also face a potential conflict with their employers'rokerage busi-
nesses. I-lere, the pressure on analysts originates not from the companies that
they follow but from within their employing firms. Brokerage business generates
a large portion of most securities firms'evenues, and analyst compensation
schemes are typically related explicitly or implicitly to trading commissions. Thus,
analysts have incentives to increase trading volumes in both directions (that is,

buys and sells). Given lhe many institutional constraints that make short sales
relatively costly, many more investors participate in stock purchases than in stock
sales.'ndeed, it is mostly existing shareholders of a stocl& who sell. This asym-
metry between purchases and sales implies that the more important brokerage
business is to an analyst's employer, the more pressure the analyst faces to be
bullish when issuing recommendations.

Analysts who respond to the conflicts they face by issuing blatantly misleading
stock recommendations can develop bad reputations that reduce their labor
income and hurt. their careers.'tock recommendations, however, are not as

easily evaluated as other outputs of analysis'esearch, such as 12-month price
targets or quarterly earnings forecasts, which can be judged against public, near-

'Throughout this article, we refer to an analyst's cmploycr as a "firm" and a company followed

by an analyst as a "company."
'lungqvist, lilarston, and Yvilhelm (2006, I'orthcoming) find that, white optimistic reconimcn-

dations do not help the analyst's firm win the lead underwriter or comanager positions in general,
they help the lirm win the comanager position in deals in which the lead underwriter is a commercial
bank.

Numerous regulations in the United Suites increase the cost of scging shares short (see, for
example, Deciiow et ~ I. 2001). Therefore, ihe vast majority of stock sales are regular sales rather than
short sales. For emmple, over the 1991— 2001 period, short sales comprised only about 10 percent
of the annual New York Stock Exchange trading volume (Neii York Stock Exchange 2002).

'ee Jackson (2005) for a theoretical model shoiving that analysts'oncerns about their reputations
can reduce optimistic biases arising from brokerage business.
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term realizations. So it is not clear whether analysts'areer concerns can com-
pletely prevent them from responding to pressures to generate IB or brokerage
business.

The relation between conflict severity and the short-term (2- or 3-day) stock
price impact of a recommendation should depend on whether investors react
to the opinion rationally or naively." Under the rational discounting hypothesis,
the relation should be asymme(ric for upgrades and downgrades. For upgrades,
the stock price response should be negatively related to the degree of conflict.
This implication arises because analysts who Face greater pressure from IB or
brokerage business are likely to be more bullish in their recommendations, and
rational investors should discount an analyst's optimism more heavily. For down-
grades, however, the story is different. When an analyst downgrades a stock
despite facing large conflicts, rational investors should imd the negative opinion
more convincing and should be more liltely to revalue thc stock accordingly.
This implies that the short-tenn stock price response to a downgrade should be
negatively related to the degree of conflict.

The rational discounting hypothesis also predicts cross-sectional relations be-
ttveen conflict severity and the short-term trading volume responses to rec-
ommendations. As Kim and Verrecchia ()99(j demonstrate in a rational ex-
pectations model of trading, the more precise a piece of news, the more
individuals will revise their prior beliefs and, hence, the more trading that will
result. In the present context, investor rationality implies that an upgrade by a
highly conflicted analyst represents less precise netvs to investors, and so such
a revision should be followed by a relatively small abnormal volume. But when
an analyst downy ades a stock despite a substantial conflict, the signal is regarded
as being more precise, and thus the downgrade should lead to relatively large
abnormal trading.

By contrast, under the naive investor hypothesis, investors are largely ignorant
of the distortive pressures that analysts Face and accept analysts'ecommenda-
tions at face value. This implies that there should be no relation between conflict
severity and the short-term response of either stock prices or trading volume to
recommendation revisions. Furthermore, the absence of a systematic relation
should hold true for both upgrades and downgrades.

What are the implications of the two hypotheses for the medium-term (3- to
12-month) investment performance of analysts'ecommendations? Under the
rational discounting hypothesis, there should be no systematic relation between
the magnitude of conflicts Faced by an analyst and the performance of his or
her stock recommendations: the market correctly anticipates the potential dis-
tortions up front and accordingly adjusts its response. But the naive investor
hypothesis predicts that performance should be negatively related to conflict

"This framework foiiotvs Krousncr snd )bsjsn (1991) nnd Compere snd Lerner (f999), who snsiyze
the conflicts that s bank faces in undenvritina securities of a company when the bank osvns n (debt
or equity) stake tn iL
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severity For both upgrades and downgrades. That is, investors ignore analysts'onflicts

up front and pay I'or their ignorance later.

3. Sample and Data

3.1. Sample

Our sample of stock recommendations comes From the Institutional Brokers
Estimate System (I/B/E/S) U.S. Detail Recommendations History file. This file

contains data on newly issued recommendations as well as revisions and reit-
erations ofexisting recommendations made by individual analysts over the period
1993—2003. Although lhe exact wording of recommendations can vary consid-
erably across brokerage houses, I/B/E/S classifies all recommendations into five
categories ranging &om strong buy to strong sell. We rely on the I/B/E/S clas-
silication and encode recommendations on a numerical scale from 5 (strong
buy) lo I (strong sell).

Since we are primarily interested in examining how the nature and conse-
quences of analysts'ecommendations are related to IB or brokerage business,
we require measures of the importance of these business lines to analysts'm-
ployers. Under U.S. law, all registered broker-dealer firms must file audited
annual linancial statements ivith the Securities and Exchange Commission (SEC)
in x-17a-5 filings.'hese i)lings contain information on broker-dealer firms'rincipalsources of revenue, broken down into revenue from IB, brokerage
commissions, and all other businesses (such as asset management and proprietary
trading). We use these filings to obtain various financial data, including data on
our key explanatory variables: the I'ractions of total brolterage house revenues
from IB and from brolterage commissions. Beginning with the names of analyst
employers contained in the I/B/E/S Broker Translation file," we search for all
available revenue information in x-17a-5 filings From 1994 to 2003,u For publicly
traded broker-dealer firms, we also use 10-K annual report filings over the sample
period to gather information on revenue breakdowns, if necessary. We thus obtain
annual data from 1994 to 2003 on IB revenue, brokerage revenue, and other
revenue For 188 privately held and 44 publicly traded brokerage houses." For
each brokerage house, we match recommendations to the latest broker-year
revenue data preceding the recommendation date. Over the sample period, we

w Thc Securities Exchange Act, sections 17(a)-17(e), requires these filings. We accessed them from
Thomson plnanclal's Global Access database and thc Securities and Exchange Commission's (SEC's)
public reading room in Washington, D.C.

"We use the tile supplleil directly by the Institutional Brokers Estimate System (EB/E/S) on CD-
Rolvh This file does not rccode the name of an acquired brokerage firm to that of its acquirer for
yc.irs before the merger.

"The electronic availability of x-17a-5 /)lings is very km)ted prior to 1994, the year the SEC first
mandated electronic form filing. Hence, we do not search for revenue information prior to 1994.

"We exclude a small nuinber of firm-years in which the total revenue is negative (for example,
because of losses from proprietary trading).
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are able to rnatch in this fashion 110,493 I/B/E/S recommendations issued by
4,089 analysts.

All broker-dealer firms are required to publicly disclose their balance sheets
as part of their x-17a-5 filings. But a private broker-dealer firm can withhold
the public disclosure of its income statement, which contains the revenue break-
down information needed for this study, if the SEC deems that such disclosure
would harm the firm's competitive position. Thus, our sample of private se-
curities firms is limited to broker-dealers that disclose their revenue breakdowns
in x-17a-5 filings. We examine whether this selection bias affects our main results
by separately analyzing the subsample of publicly traded securities firms, for
which public disclosure of annual revenue information is mandatory. Our find-
ings do not appear to be alTected by this selection bias. All of our resuhs For

the subsample of publicly tradecl securities Firms are qualitatively similar to the
results for the Full sample reported in the article. In the Appendix, we describe
the characteristics of disclosing and nondisclosing private securities firms, shed
some light on the firms'ncome statement disclosure decisions, and use a se-
lectivity-corrected probit model to examine whether the resulting selection bias
can explain analysts'esponse to conflicts in these private firms. We find no
evidence that selection bias affects our results for these firms.

3.2. Cfiarac/er/stirs of Analys/s, Tltc/r Emp/oycrs, and Companies Fallowed

We next measure characteristics of analysts, their employers, and the com-
panies they cover. Prior research (for example, Clement 1999; Jacob, Lys, and
Neale 1999) finds that analysts'xperience and workloads aFfect the accuracy
and credibility of their research. Using the I/O/E/S Detail History files, we measure
an analyst's experience and worlcloads in terms of all research activity reported
in I/B/E/S, including stoclt recommendations, quarterly and annual earnings-
per-share forecasts, and long-term earnings growth forecasts. We measure general
research experience as the number of days since an analyst first issued research
on any company in the I/O/E/S database and company-specific research expe-
rience as the number of days since an analyst first issued research on a particular
company. We measure an analyst's workload as the number of difierent com-
panies or the number of different Four-digit I/B/E/S sector industry groups
(S/I/Gs)'" for which the analyst issued research in a given calendar year.

The amount oF resources devoted to investment research within brokerage
houses also affects the quality of analysts'esearch (Clement 1999). Larger houses
have access to better technology, information, and support staff. Accordingly,
we use three measures of brokerage house size: the number of analysts issuing
stock recommendations for a brokerage house over the course of a calendar year,
book value of total assets, and net sales. All of our subsequent results are qual-

'" The i/5/E/S sector industry group numbers are six-digit codes that provide information on the
industry sectors and subscctors (or companies in the UE/E/S database. We use the lirst four digits,
which correspond to broad industry grottpings.
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Table I

Revenue Sources (95) of Analysts'mployers

Recommendailon Level Mean ibiedlan

Invesimen I

Banking
Brokerage

Commission
Sample

glean lvledlan Sire

5 (Strong buy)
4 (Buy)
3 (Hold)
2 (Scil)
I (Strong scg)
p-Value (4 and 5) versus (I and 2)

13.94
13.81
12.68
11.61
16.27

.0000

11.81
11.21
11.13
10.55
14.90

.0000

29.87
26.68
28.44
23.13
33.44

.0000

24.09
17.22
24.07
16.12
24.95

,0023

28,901
37,478
37,883

4,875
1,356

score. Shown are the percentages of analyst employer revenues from investment banking and brokerage
commissions, by recommendation Icvcl. Dai~ are For 110,493 stock «ecommendaiioru and are rlrawn from
ihc Institutional Brokers Estimate System U.S. Derail Recommendations History File Ior 1994—2003.

itatively similar under each oF the three size measures. To save space, we report
results only of tests based on the first size measure.

To capture the degree to which investors believe that individual analysts have
skill in providing timely and accurate research, we use two measures ofanalysts'eputation.

The first is based on Inslitr//ionrit Investor (II) magazine's All-America
Research Team designation. Each year around October 15, II mails an issue to
subscribers that lists the names of analysts who receive the most votes in a poll
of institutional money managers. About 300-400 analysts are identified. We
construct a variable that indicates, For each recommendation revision, whether
the recommending analyst was named to the first, second, third, or honorable
mention team in the Latest annual survey. As a complementary, objective measure
of analysts'eputaiion, we use a variable based on ihe Writ( S/rectJournal's ( WSJ's)
annual All-Star Analysts Survey. The 14/SJ All-Star Analysis are determined by
an explicit set of criteria relating to past stock-picking performance and fore-
casting accuracy." The survey covers about 50 industries annually and names
the top tive stock pickers and top five earnings forecasters in each industry.'"

Tables 1 and 2 report summary data on the characteristics of our sample. In
Table 1, both the mean and ihe median percentages of analyst employer revenues
derived From IB decline monotonically over the first four recommendation levels,
but these values are the highest t'or strong sell recommendations. Similarly, it is

the brokerage hrms issuing strong sell recommendations that generally derive

" We recognize that the performance metrics used in the Wn/I Srreer/o arne/(IVS/) All-Star Analysts
Survey are public information and can, in principle, be replicated by investors. Howeier, ro the
extent thai computing and evaluating analysis'erformance is a costly activity, being named an All-
Sur Analyst can still affect an analyst's reputation and crcdlbgiiy.

"Since the I/9/F/5 Broker Translation File provides only analysts'ast names and First initials, ln
some instances Ii is noi possible io ascertain from the UB/E/S data alone whether an analyst in our
sample was named ro the Insr/mr/cnn//rivcsrm (//) or WS/ scam. For these cases, we determine i am
membership of analysts from NASD 8rokcrCheck, an online database (hup //wrvw nasd corn, accessed
October 2004) that provides ihe Full names of registered securities proFesslonals as well as their
employmcnr and registration hlsrones I'or the past 10 years. The database also keeps irack ofanalysis'ame

changes (such as those resulting From marriagc).
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TaMe 2

Characteristics of Analysts, Firms, and Companies I'ollowcd

Characteristic

Investment banlung rcvcnue (eA)

Brokerage commission revenue (96)
Analyst's company-specific experience (years)
Analyst's general expcriencc (years)
Analysts employed by a firnt
Companies followed by an analyst
Four-digit I/8/E/S S/I/Gs fogowed by an

analyst
Irrsr/tntioiml Inves/cr All-America stock picker
Ins/inirionol Investor All-America Research

Team member
We/I Street /cnninl AB-Star stock picker
tva// Street /oiirnn/ AB-Star Analyst
Market capitalization (5 millions)
Analyst following

Mean

13.60
28.74

2.42
6.41

86.34
17.24

3.05
.005

.035

.018

.136
8,804.46

9.14

)dedmn

11.25
24.07

1.20
4.90

60
15

0
0
0

1,367.22
7

1.90 84,014
.07 85,531

.18

.13
34

27,758.81
6.88

85,531
85,531
85,531
81,333
92,869

Sample
SD Size

11.93 94,892
s4 75 94 892
3.29 85,531
5.32 85,531

79.73 94,618
12 93 84,016

Note. D.ita are for 94,892 recommendation revisions and are drawn I'rom the Institutional Brokers Estimate
System (I/8/E/S) U.S. Detail Recommendations History file for 1994-2003. Recommendation revisions
include recommendation changes as well as initiations, rcsumptions, and discontinuations of coverag»
Analwts'xperience is measured from ag analyst research activity reported in I/O/E/S, including carnings-
per-share I'orecasts, long-term earnings grot th forecasts, and stock recommendations. An analyst is con-
sidered to be a top stock picker or team rnmnber if he or she appeared in the relevant portion ot'he most
recent arwlyst survey by /esi/rrit/eirril /rivcucr or thc Ive// Street /orirnol at the tune of a recommendation
revision. Market capitalization is measured 12 months before rhc end of thc current month, and analyst
I'ogowing is measurnl on the basis of sro«k recorumeodation coverage. Market capitalization values are
innation adjusted (with Consunier price Index nunibers arid with 2003 as the base year). 5/I/O = sector
industry group,

the highest percentage of their toial revenues from brokerage commissions. No-
tably, in each of the five categories, the mean percentage of revenue from com-
missions is about ttvice as large as the mean percentage of revenue from IB. This
fact underscores the importance of trading commissions as a source of revenue
for many securities firms. The last column shows that about 95 percent of the
recommendations in the sample are at levels 5 (strong buy), 4 (buy), or 3 (hold).
Levels I (strong sell) and 2 (sell) represent only about I percent and 4 percent
of all recommendations, respectively.

The data in Table 2 provide a flavor of our sample of analysts and their
employers. As noted by Hong, Kubik, and Solomon (2000), careers as analysts
tend to be relatively short. The median recommendation is made by an analyst
with under 5 years of experience, of which just over a year was spent following
a given stock. Stock analysts tend to be higldy specialized, following a handful
of companies in a few industries. The median recommendation is made by an
analyst following 15 companies in three industries who works for a securities
firm employing 50 analysts. Being named as an All-America Research Team
member by II is a rare honor, received by under 5 percent of afl analysts in our
sample. Finally, the typical company followed is large, with mean (median)
market capitalization of about $ 8.8 billion ($ 1.4 billion) in inflation-adjusted
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2003 dollars. Over the time span of a year, a company is tracked by a mean

(median) of 9.1 (7) analysts.

4. Conflicts and the Levels of Analyst Recommendations
Net of the Consensus

In this section, we examine whether the level of an analyst's stock recom-
mendation net of the consensus (that is, median) recommendation level is related
to the conflicts that he or she faces. We start by ascertaining the level of the
outstanding recommendation on each stock by each analyst following it at the
end of each quarter (March, June, September, December) From 1995 through
2003. An analyst's recommendation on a stock is included only if it is newly
issued, reiterated, or revised in the preceding 12 months.

We estimate a regression explaining individual analysts'et stock recommen-
dation levels at the end of a quarter (which is the recommendation level minus
the median recommendation level across all analysts foflowing a stock during
the quarter)." The regression pools observations across analysts, stocks, and
quarters and includes our two main explanatory variables: the percentage of an
analyst employer's total revenues from IB and the percentage from brokerage
cotnmissions. Following Jegadeesh et al. (2004) and Kadan et al. (Forthcoming),
who find that momentum is an important determinant of analysts'ecommen-
dations, we control for the prior 6-month stock return.

The regression also controls 1'or other factors that can affect the degree of
analysts'ptimism, such as the size of the company followed and the resources,
reputation, experience, and workload of an analyst. As a measure of the resources
available to an analyst, a dummy variable is used for a large brokerage house,
and it equals one if the firm ranks in the top quartile of all houses in terms of
the number of analysts employed during the year. The size of the company
followed is measured by the natural logarithm of its market capitalization, mea-
sured 12 months before the end of the month. We measure an analyst's reputation
by dummy variables that equal one if the recommending analyst was named in
the most recent year as an Afl-America Research Team member by II or as an
All-Star Analyst by the WSJ. An analyst's company-specific research experience
is measured by the natural logaritlun of one plus the number of days an analyst
has been producing research (including earnings-per-share Forecasts, long-term
growth forecasts, or stock recommendations) on the company. We measure an
analyst's workload by the natural logarithm of one plus the number of companies
for which he or she produces forecasts or recommendations in the current year.

Finally, we control for industry and lime period eff'ects by adding dummy
variables for I/13/E/S two-digit S/I/O industries and for each calendar quarter
(March 1995, June 1995, and so forth). Since net recommendation levels can

u To ensure meaning/ul variation m the dependent variable, wc omit stocks followed by only onc
analyst in a quarter.
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Table 3

Ordered Probit Analysis of Recommendatian Levels Net of the Consensus

Explanatory Variable

Investment banking revenue (96)
Brokerage commission revenue (96)
Prior 6-month stock return
Large brokerage house dummy
Company size
/mritutioiiril Investor All-America Research Team dummy
lyn// 5/rect Jorirrrn/All-Star Analyst dummy
Company-specitic research experience
Number of companies folloived

Coefficient

.1167

.0363
—.0068
—.0639

.0038

.0032
—.0196

.0012

.0070

z.St'ittstlc

17.35
3.00

-2.89
-8.60

2.89
.15

-2.23
l.42
4. 64

Note, Thc results are trom ordered probit regressions explaining indiviitu,ii analysts'tock recommendation
levels net of the consensus (that is, median) recommendation level at the end ol each quarter (March,
June, Septernbcr, December) for 1995—2003. Observations are excluded if thc analyst issued no new or
revised recommendation in the preceding 12 moruhs. The regression includes observations pooled across
analysis, stocks, and quarters. Data on recommendations are drawn from the Institutional Brokers Estimate
Sys 0m (I/0/E/S) U S. Detail Recomrncndations I iistary liic for 1994—2003. Investment banking or brokerage
commission revenue re/er to the percentage of the brokerage firm's total revenues derived from investment
banking or brokerage commissions, Thc large brokerage house dummi is an indicator venable rhat equals
onc if a brokerage houiv is in tbe top quartile of all houses, based on the number of malysis issuing stock
recommendations listed in I/O/E/S iri a given caleridar year. Company size is the rmtural logarithm of the
market capitalization of the company followed, measured 12 months prior to the end of the current month.
The les/initiariel hrvestor All-America Research Team and 11'c/I S/reer Journal All-Star Analyst dummies are
indicator variables thai equal ane if the recommending analyst was listed as an All-America Research Team
member or AB-Star Aiialyst in the most recent analyst rankinb. Company-speciBc research experience is

the natural log of one plus tbe number of days that an analyst has been issumg I/8/8/S research on a

company. Nurnbcr of companies followed equals ihe natural log of one plus thc number of companies
foiloweil by an analyst iri the current calendar year. The refrcssion includes dummy variables for two-digit
I/8/E/S sector industry group industries and for calendar quarters. Test statistics are based on a robust
variance esrimator. The number of observations is 213,011; the p-value of the X'est is &.0001.

take ordered values from — 4 (strongly pessimistic) to 4 (strongly optimistic) in

increments of .5, we estimate the regression as an ordered probit rnodeLm The
Z-statistics are based on a robust (Huber-White sandwich) variance estimator.

Table 3 shows the regression estimate. The coefficients of IB revenue percentage
and commission revenue percentage are both positive. This finding implies that
greater conflicts with II) and brokerage businesses lead an analyst to issue a

higher recommendation on a slock relative to the consensus. Stocks followed

by busier analysts and stocks of larger companies receive higher recommenda-
tions relative to the consensus. Stocks that experience a price run-up over the
prior 6 monihs, stocks I'ollowed by analysts at Large brol&erage houses, and stocks
followed by WSJ All-Star Analysts all receive lower recommendations relative to
the consensus. All of these relations are highly statistically significant.

To provide a sense of the magnitude of the main effects of interest, we show
in Table 4 the derivatives of the probability of each net recommendation level

"Notice that recommendation levels can take integer values from I to 5, and the median rcc-
ommendauon can take values from I Io 5 in increments of .5. See Greene (2003) for u detailed
exposition of the ordcrcd prabit model.
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with respect to IB revenue and commission revenue percentages.'" Thus, for

example, a I-standard-deviation increase in IB revenue percentage increases the
probability of an optimistic recommendation (that is, a net recommendation
level greater than zero) by,1193 x (,0325+,0671+... +.0003) = .0151.

Compared to the unconditional probability of an optimistic recommendation
by an analyst, this represents an increase of about 5.9 percent (.0151/.2575). The
effect of a change in commission revenue percentage is much smaller. A I-
standard-deviation increase in commission revenue percentage increases the

probability of an optimistic recommendation by .2475 x .01105 =,0027, or
about I percent (,0027/,2575) of the unconditional probability. Thus, despite
possible concerns about a loss of reputation, analysts seem to respond to conflicts
of interest, particularly those stemming from IB.

5. Conflicts and Investor Response to Recommendation Revisions

5./ Stock Price Response

This sect.ion examines whether an analyst's credibility with investors is related
to the degree of conflict Faced, We interpret the reaction of stock prices to a

recommendation revision as an indication of an analyst's credibility. Our analysis
focuses on revisions in recommendation levels, rather than on recommendation
levels per se, because revisions are discrete events that are likely to be salient for
investors, and previous research finds that revisions have significant information
content (see, for example, Womack 1996; Jegadeesh et al. 2004). To capture the
effects of the most commonly observed and economically important types of
revisions, we structure our tests around four basic categories: added to strong
buy, added to buy or strong buy, dropped from strong buy, and dropped From

buy or strong buy." These four categories are defined to include initiations,
resumptions, and discontinuations of coverage because such events also reflect
analysts'ositive or negative views about a company." Thus, for example, we
consider a stoclt to be added to strong buy under nvo scenarios: (n) the rec-
ommendation level is raised to strong buy From a lower level or (6) coverage is

"Notice that, for each explanatory variable, these derivatives sum to sero across all the net
recommendation levels.

Our analysis focuses on these four types of revisions instead of the other four (added to strong
sell, and so forth) because, as shown in Table 1, selt and strong sell recommendations are quite rare.
But note that dropped-from-buy and dropped-frotn-buy-or-strong-buy revisions can entail move-
ment to the sell or strong sell category.

*'Ve use the l/B/E/S Stepped Recommendadons file to determine instances in which a brokerage
firm discontinued coverage of a company. This lite contains numerous cases m wttich an analyst
stops coverage of a stock only to issue a new recommendation a monrh or two later. Conversations
with 1/B/E/S represetttatives indicate that such events likely represent pauses in coverage due ta
company quiet periods or analysts'cassignmcnts within a brokcragc house. '1Ve define a stopped
coverage event to be a true stoppage only if the analyst docs not issue a recommendation an the
stock over the subsequent 6 months.
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initiated or resumed at the level of strong buy." Defining revisions in this fashion

yields a sample of 94,892 recommendation revisions made over the 1994—2003

period.

5.1.1. Average Response

We compute the abnormal return on an upgraded or downgraded stock over

day t as the return (including dividends) on the stock minus the return on the
Center for Research in Security Prices equal-weighted market portfolio of Nesv

York Stock Exchange (NYSE), American Stock Exchange, and NASDAQ stocks.
The cumulative abnormal return (CAR) on the stock over days r, to t, relative
to the revision date (day 0) is measured as the sum ol'he abnormal returns
over those days. Table 5 shows mean and median CARs for three tvindows: days
— I to 0, — I to I, and — 5 to 5. The t-statislics for the difference of the mean
abnormal returns from zero are computed as in Brown and Warner (1985) and
are shown in parentheses. The p-values For the Wilcoxon test are reported in
parentheses with the medians.

It is clear From Table 5 that recommendation revisions have large effects on
stock prices. For example, when a stock is added to the strong-buy list, it ex-

periences a mean abnormal return of about 2 percent over the 2-day revision
period. Downgrades have even larger effects on stock prices than do upgrades.
Strikingly, the 2-day mean abnormal return around the dropped-from-strong-
buy list is — 4 percent. Median values are consistently smaller in magnitude than
are means, and this finding indicates that some revisions lead to price reactions
of a very large magnitude. Mean and median 2-day abnormal returns are sta-
tistically different izom zero for all four groups of forecast revisions. The mag-
nitudes of abnormal returns are somewhat larger over the 3-day and 11-day
windows than over the 2-day window. Overall, these returns are consistent with
those found by prior research that examines the average stock price impact of
recommendation revisions (For example, Womack 1996; )egadeesh et al. 2004).

5.1.2. Cross-Sectional Analysis

Table 6 contains cross-sectional regressions of stock price reactions lo rec-
ommendation revisions over days — I to 1. The main explanatory variables of
interest in these regressions are our revenue-based measures of the magnitudes
of IB and brokerage conflicts. We include controls for the size of an analyst's
employer, the size of the company followed, and measures of an analyst's rep-
utation, experience, and si'orkload." We estimate a separate regression for each

"Note that the definitions of our four rccommendstion revision groups imply that stocks can be
added to s group more thm once on s given dsy. Nonetheless, excluding days on which s stack
experiences multiple revisions does not clmngc sny of our quslitstivc results.

Prior research tinds that analysts who have more experience, carry lower workloads, or «re
cmploycd by larger lirms tend to generate morc precise rcsesrch (see, for example, Clement f999;
Jacob, Lys, snd Neslc l999; Mikhsil, 'tvslther, snd Willis 1997). Jn sddition, more reputed analysts
tend to gencrste timclier snd morc accurate rescsrch (scc, for exemple, Stickel 1992; Hong snd
Kubik 2003). We expect such analysts to be more influential with investors.



Table 5

Cumulative Abnormal Returns surrounding Revisions in Analyst Stock Recommendations

Days — I to 0 Days — I to I Days — 5 lo 5

Reconunendation Revisinn
Mean

(t-Statistic)
Median

(p-Value)
Mean Median Mean Median

N (r-Statistic) (p-Value) N (t-Statistic) (p-Value) N

Upgrades:
Added to strong buy

Added to buy or strong buy

Downgrades:
Dropped from buy or strong buy

Dropped from strong buy

.0207

(49.53)'0149

(46.47)'.0337

(
— 56.21)*

—.0399
(-49.88)*

.0109
(.000)
.0071

(.000)

— .0126
(.000)

— .0153
(.000)

24,560

36,879

.0240 .0130
(46.89)'.000)

.0165 .0085
(42.01)'.000)

—.0155

(.000)
— .0183
(.000)

33,322 — .0358

(
—48.75)*

22,825 — .0427

(
—43.58)*

24,556

36,875

33,262

22,795

.0263
(26. 84)

.0207
(27.53)'

.0491
(-34.92)

— .0570

(
— 30.38)"

—.0287
(.000)

—.0326
(.000)

33,197

22,767

.0187 24,499
(.000)
.0128 36,780

(.000)

Note. Thc sample of r«commendation revisions is drawn from the Institutional Brokers Estimate System (I/B/5/5) U.S. Detail Recommendations History file for 1994—2003.
Rccommetidation revisions includ«recommendation changes and iniiiations, resumptions, and discontinuations in coverage. Day 0 is the revision &late. Recommendation
revisions are classilicd according to ihe level of any existing recommendation and whether coverage is being initiated or dropped For example, a revision by an analyst is

classified «s added to strong buy if the new recommendation is &trong buy and (a) the previous recommendation um lower than strong buy or (6) analyst coverage by

thc brokerage house is resumed or initiated. A recommendation is classiTied as dropped from strong buy if the previous recommendation was wrong buy «nd (a) the new

r commendation is lower than strong buy or (6) research coverage on the company is stupped. The t-statistics fur the difference from zcru are computed as in Broivn and
IVamer (19115). The p-values for the difference from zero are from a IViicoxon test.

"Statistically signiiicant at the 19'evel in nvo-tailed rests.
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Table 6
Cross-Sectional Regressions of Cumulative Abnormal Returns over Days -I to +I surrounding Recommendation Revisions

Explanatory Variable

Intercept

Investment banking revenue (%)

Brokerage commission revenue (qa)

Large brokerage house dummy

Company size

Instirniicnol /nvesrcr AB-America Research Team dummy

Wall Street Journal AB-Star Analyst dummy

Company-specific research experience

Number of companies followed

Observations
Adjusted

R'-Value of P-test

Added to
Strong Buy

.0369
(7.66)"'

.0262
(-a 65)-

—.0187

(
— 661)"

.0116
(7.46)

'.0056

(-16.13)"
.0159

(4.11)**
.0015

(.81)
.0017

(8B2) *

—.0012
(-2.97)"

19,440
.038

&0001

Added to Buy or
Strong Buy

.0412
(11.21)"

— .0139
(

— 3.57)"
— .0148

(-6.43)*"
.0088

(6.88)*'.0041

(-
15.40)*'0122

(3.82)"
.0013

(.84)
.0019

(12.49)'
.0016

(
— 5 3'7)'*

28,665
.0240

&.0001

Dropped from Buy or
Strony Buy

— .2294
(

— 31.31)'*
— .0200

(-2.74) *

— .0089
( -2.39)'

0'z47

( — 12 79)"
— .0004

(-.97)
—.0148

(
—

2.93)*'.0011

(-.48)
.0039

(7.37)"
.0007

(1.49)
28,618

.028
&.0001

Dropped from
Strong Buy

—.2224

(
— 29.25)**

— .0354
(

— 3.92)'"
— .0013

(—.29)
—.0220

(
— 10.25)"

.0018
(3.77)"
—.0207

(
— 3.28)'*

.0045
(1.78)

.0018
(3.21)"

.0008
(I 31)

19,632
.035

&.0001

Note. Shown are coefficient estimates and (in parentheses) r-statistics f'rom ordinary least squares revressions. Day 0 is die recommendation revision date. Data on
reconimendstions are drawn from the Institutional Brokers Estimaie System (I/8/E/S) I/.S. D tail Recommendations History file for 1994-2003. Investment banking
and brokerage coinmission revenue refer to the percentages of a brokerage firm's total revenues derived from inveitmcnt b,inking and brokerage commissions. Thc
large brokerage house dummy is an indicator variable that equals one if a brokerage house is in the top quartile of ag houses, based on the number of analysts issuing
stock recmnniendations listed in I/8/E/5 in a given calendar year. Company size is the naturd logarithm of the market capitalization of the company followed, measured
12 months prior to the end of the current month. The /as/intr ioiic/ Investor AB-America Research Team and Iyc/I Sneer Journal All-Star Analyst dummies are indicator
variables ihat equal one if the r«conmicnding analyst was listed as an AB-America Research Team member or AB-Star Analyst in thc most recent analyst ranking.
Company-speufic research experience is the natural log oF one plus thc number of days that an analyst has been issuing VB/E/5 research on a company. Number of
companies followed equals the natural log of one plus the number of companies fogowed by an analyst in thc current calendar year. AB regressions include dummy
vanables for calendar-year and two-digit VB/E/S sector industry group industries (noi reported). The i-statistics are b~~ed on a robust vanance estimator.

'Statistically significani at thc 5% level in two-miled tests.
"'tatistically ugnificant at the 1% level in two-tailed tests.
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of the Four groups of recommendation revisions. The r-statistics based on a

robust variance estimator are reported in parentheses.
The coefficient on IB revenue percentage is statistically significantly negative

For both upgrades and downgrades. The coefficient on brokerage commission
revenue percentage is also negative in all four regressions; it is statistically sig-

nificant in all cases, except For the dropped-from-strong-buy revisions." Col-

lectively, these results favor the rational discounting hypothesis over the naive
investor hypothesis. The magnitudes of these effects are nontrivial. For instance,
a I-standard-deviation increase in IB revenue percentage leads to a change of
about —.31 ( —.42) percentage points in the 3-day abnormal return around the
move to (from) a strong buy recommendation. Simibarly, a I-standard-deviation
increase in brokerage commission revenue percentage leads to a change of about
—.37 ( —.22) percentage points in the corresponding abnormal return around
tlie move to (from) a buy or strong buy recommendation."

The results for control variables are also noteworthy. The dummy variable for
a large analyst employer is positively (negatively) related to the market reaction
to upgrades (downgrades). This finding is consistent with the idea that revisions

by analysts employed at larger brokerage houses (which tend to be more rep-
utable) have more credibility with investors. The size of the company followed
is negatively (positively) related to the market reaciion to upgrades (downgrades),
which is consistent with the notion that, for larger companies, an analyst's
recommendation competes with more alternative sources of information and
advice,

Revisions by If All-America Research Team analysts are positively (negatively)
related to the stock price reaction to upgrades (downgrades), which suggests that
they ivield more influence with investors. This is a notable finding; we are
unaware of'revious work documeniing a re)ation between an analyst's repu-
tation and the stock price reaction to both upgrades and downgrades. As the
coefficient on the IVSJ All-Star Analyst dummy indicates, however, being des-

ignated as a WSJ All-Star Analyst does not seem to enhance the credibility of
an analyst's recommendations." The absence of an effect here is somewhat

These and all subsequent regression results in this article are qualitatively similar when we
winsorixe the dependent variable at tbe first and ninety-ninth percentiles of its distribution.

"For each group of revisions (such as added to sirong buy), we also estimate the regression after
excluding sinai)sr revision events that a stock experiences within 3 days oF a given revision event.
These results are qualitatively similar to those reported in Tables 6 and S. We also examine the
possibility that im cstars perceived the confiicts to bc more severe, and hence discounted them more,
in securities firms ttiat were charged by regulators (that is, ihe lo lirins that were part. oF the global
analyst settlement) tlmn in other firms. We do ibis by interacting boih invesuncnt banking ()B)
revenue percentage and brokerage commission revenue percentage variables in the regression with
binary (0, 1) dummy variables for secuniies lirms that are part of ihe global analyst settlement and
firms that arc not. We iind no significant differences between thc two groups of'irms in their
cocfficients on )B revenue percentage and commission revenue percentage.

"Although ff All-America t(esearch Tcam and )VS/All-Star Analyst dummies both measure aspects
of an analyst's reputation, they arc not highly correlated. The correlation cocfiicient is .14 across all

upgrades and .)3 across all downgrades.
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surprising given that the WSJ has a much broader readership base than that of
II. One explanation is that II analyst rankings are based on an opinion poll of
money managers, who control substantial assets and therefore directly affect
stock prices, ivhile IVSI rankings are based on strictly quantitative measures of
analysts'ast stock-picking or forecasting performance.

The market reaction to upgrades is positively related to an analyst's company-
specific research experience. This finding suggests that more experienced analysts
tend to be more influential with investors. But the reaction to downgrades is

also positively related to analysts'xperience, Finally, the stock price reaction to
upgrades is negatively related to analysts'orkload. This finding suggests that
busier analysts'pinions tend to get discounted by the marl&et. All of these
relations are statistically significant.

5.2, Rcsporrse af Tradirtg Vnlmne

In this section, we measure analysts'redibility via changes in the volume of
trade around recommendation revisions." Revisions of analysts'ecommenda-
tions can affect trading volumes by inducing investors to rebalance their port-
folios to reflect updated beliefs,

5.2.1. Average Response

We compute the abnormal volume For a trading day 1 as the mean-adjusted
share turnover for stock i

where va is the trading volume of stock i over day t divided by common shares
outstanding on day t and v, is the mean of va over days — 35 to — 6.

The cumulative abnormal volume (CAV) for stock i over days 1, to 1, is
measured in the following way;

CAV'mr, = g ea. (2)

Table 7 shows mean and median CAV values over three windows surrounding
revisions in analyst stock recommendations. Over the 2-day revision period, the
mean abnormal volume is positive for both upgrades and downgrades, but its
magnitude is substantially larger for downgrades. The move to (from) the strong-
buy list increases a stock's trading volume by a mean of about .9 percent (2.6
percent) of the outstanding shares, compared to a normal day's volume. For
longer windows, the mean abnormal volumes are substantially higher for down-

"Many poor studies tutve used tradina voiumc to examine investors'esponse to ini'ormational
events (see, for example, Shleifer 198fn lain 1988; Jarreli and Poulsen 1989; 1 feulbroek 1992; Sanders
and Zdanotvicz 1992).

'"This approach ius been used in a number of prior studies (for example, Shieifer 1986; V»h
1994; iviichaeiy and Vila 1996).



Table 7

Cumulative Abnomnal Trading Volumes surrounding Announcements of Revisions in Stock Recommendations by Analysts

Days -1 to 0 Days —
1 to 1 Days — 5 to 5

Recommendation icvision
Mean

(r-Statistic)
Median

(p-Value)
Mean Median Mean ivledian

N (r-Statistic) (p-Value) N (r-Statistic) (p-Value) N

Upgrades:
Added to strong huy

Added to buy or strong buy

Downgradcst
Dropped from buy or strong buy

Dropped from strong buy

.0086

(8.89)'0053

(5.08)'0217

(1 14.47)"
.0259

(128.76)'0011

.0097 .0015
(.000) 24,506 (8.18)* (.000) 24,502
.0002 .0058 .0004

(.000) 36,800 (4.54)* (.000) 36,796

.0010 .0265 .0014
(.000) 33,291 (114.14)'.000) 33,232
.0017 .0315 .0025

(.000) 22,808 (127.86)'.000) 22,779

.0071

(3.13)'0020

(.818)

.0381
(85.70)*

.0453
(96.03)

.0030
(.000) 24,488
.0008

(.000) 36,766

.0039
(.000) 33,175
.0057

(.000) 22,756

Note. The abnormal volume for stock i on day tis computed from daily Center for Research in Security Prices data ass„= v„— v„where v„ is thc volume on day rand
v, is the av rage volume over days — 35 to — 6 relative to the recommendation resusion date (day 0). All share volumes are normalized by dividing by common shares
outstanding on the same day. The p-values are from a Wilcoxon test.

'Statisucally signilicant at the t'4 level in two-tailed tests.
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grades. The median values are lower than the mean values. Each mean and
median abnormal volume is statistically greater than zero, with a p-value below
.01. Clearly, revisions of stock recommendations by analysts generate trading.

5.2.2. Cross-Sectional Analysis

Table S presents cross-sectional regressions explaining CAVs over days — I to
1 surrounding the recommendation revisions. The explanatory variables in the
regressions are the same as in regressions of CARs in Section 5.1.2. The results
provide strong support for the rational discounting hypothesis. The coefficients
on both the IB revenue percentage and commission revenue percentage variables
are generally statisticafly significant and negative (positive) for both groups of
upgrades (downgrades). The magnitudes of these effects are nontrivial. For ex-

ample, a 1-standard-deviation increase in IB revenue percentage leads to a change
in the 3-day abnormal volume around the addition (omission) of a stock to
(1'rom) the strong-buy list ol'about —.12 percent (.36 percent) of the outstanding
shares; a corresponding change in the commission revenue percentage results in
a change in the abnormal volume of about —.15 percent (.22 percent).

Recommendation revisions by larger brokerage houses generate more trading.
The abnormal volume is also larger for revisions involving smaller companies.
Revisions by 11 All-America Research Team members generate statistically sig-
nihcantly more abnormal volume for the dropped from buy or strong-buy group.
Upgrades (downgrades) by more experienced analysts result in larger (smaller)
abnormal volumes, and upgrades by busier analysts are less credible.

6. Conflicts and the Performance of Recommendation Revisions

We next consider the investment performance of analysts'ecommendation
revisions over periods of up to 12 months. I-lere, the choice of the benchmark
used to compute abnormal returns is somewhat more important than it is in
Section 5.1, where we measure abnormal returns over a few days around the
revision. But the results here are likely to be less sensitive to the benchmark
employed than are those in studies of long-run stock performance, where the
time period of interest can be as long as 5— 10 years (see, for example, Agrawal,
Jaffe, and Mandelker 1992; Agrawal and Jaffe 2003).

6.1. Average Performmfce

We use an approach similar to Barber, Lehavy, and Trueman (2007). To eval-

uate the performance oi'stocks over a given window, say, months 1 — 12 following
the month of their inclusion (month 0) in a given group of revisions such as
the added-to-strong-buy list, we form a portfolio P that initially invests $ 1 in
each recommendation. Each recommended stock remains in the portfolio until
month 12 or the month that the stock is either downgraded or dropped from
coverage by the securities firm, whichever is earlier. If multiple securities firms
recommend a stock in a given month, the stock appears multiple times in the



Table 8

Cross-Sectional Regressions of Cumulative Abnormal Trading Volumes over Days — I to +I surrounding Recommendation Revisions

Explanatory Variable

Intercept

Investment banking rcvcnue (%a)

Brnkcrage commission revenue (%)

fargo brokerage house dummy

Company sue

/nsri iuri oacl Invesror AB-America Research Team dummy

Isra/I Stree/ Iournol All-Star Analyst ilummy

Company-specific research cxperiencc

Number of companies followed

Observations
Adjusted

R'-Value of purest

Added to
Strong Buy

.0083
(2.65)"
—.0100

(-3.31)'*
—.0057

(-1.76)
.0058

(3.72)'"
—.0031

(-9.54)**
.0035

(1.74)
.0008

(.74)
.0010

(8.39)'*
—.0009

(
— 3N9)

19,431
.025

&0001

Added to liuy or
Strong Buy

.0042
(1.90)
—.0085

(-2.26)*
—.0059

(
— 4.(3) "

.0038
(4.50)"
— .0018

( — 12.30)**
.0033

(1.88)
.0013

(1.42)
.0010

(11.19)'"
— .0013

(
— 6.23)

28,653
.019

&.0001

Dropped from Buy or
Strong Buy

.0946
(13.72)"

.0140

(2.18)'0087

(2.76)'*
.0168

(11.12)"
—.0023

(-7.60)*
.0084

(2.32) *

.0023
(1.36)
—.0041

(
— 6.18)"

—.0001

( — 38)
28,594

.030
&0001

Dropped from
Strong Buy

.0828
(15.01)"

.0304
(3.63)

.0055
(1.45)

.0171
(9.48)"
— .0041

(- 11.40)"
.0046

(1.21)
— .0006

(-.29)
—.0019

(—4.11)"
—.0005

(-.99)
19,619

.042
&.0001

Note. Shown are cocfficient estimarcs and (in parentheses) i-staustics from ordinary least squares rcgrcssions. Day 0 is the recommendation revision date. Data
on recommendations are drawn from the Insdtutional Brokers Estimate System (I/8/E/S) U.S. Detail Recommendations History file for 1994—2003. Investment

banking and brokerage commission revenue refer to the percentage of brokerage firm's total revenues derived from investment banking and brokerage ommissions.
The large brokerage house dummy is an indicator variable that equals one if a brokerage house is in the top quartile of ag houses, based on tbe number of analysts

issuing stock recommendations listed in I/8/8/5 in a given calendar year. Company sire is th» natural logarithm of the market capitaliiation of the company
fogowcd, measured 12 months prior to the end of the current month. Thc /iisniiitioac//nvcsicr AB-Amenca Research Team and 11'cll Street Jorirna! Ag-Star Analyst

dummies are indicator variables that equal one if the recommending analyst was listed as an AB-America Research Team member or AB-Star Analyst in the most
rcccni analyst ranking. Company- pemfic research experience is thc natural log of one plus the number of days that an analyst has been issumg IIB/IBIS research
on a company. Number of companies fogowcd equals thc natural log of one plus the number of companies followed by an analyst in the current calendar year.

AB regressions include dummy ariablcs for calendar-year and two-digit I/8/8/5 sector industry group industries (not reported). The r-statistics are based on a

robust variance estimator.
'Statistimgy sipnificant at the 5% level in two-tailed tests.
"Statisticagy significant ai the 1% level in two-tailed tests.

xr co rnun x
ra (a cr'u
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portfolio that month, once for each securities finn with a strong buy recom-
mendation. The portfolio return For calendar month t is given by

RN = ZXa X R„l ~Xn,
J

(3)

where R„ is the month t return on recommendation i, xa is one plus the com-
pound return on the recommendation From month I to month I — I (that is,

xa equals one for a stock that was recommended in month r), and n, is the
number of recommendations in the portfolio. This calculation yields a time
series of monthly returns for portfolio p.

We compute tlie abnormal performance of portFolio p as the estimate of the
intercept tenn cr„ from the Fame and French (1993) three-factor model. Ac-

cordingly, we estimate the following time-series regression for portfolio p:

Rrt R/ crr + /Itp(R t R/) + /IrrSMBt + Par HMLt + ein,

t = January 1994 to December 2003, (4)

where R/ is the risk-free rate, R„, is the return on the value-iveighted market
index, SMB equals the monthly return on a portfolio of small firms minus the
return on a portfolio of big firms, and HML is the monthly return on a portfolio
of firms with high book-to-market ratio minus the return on a portfolio of firms
with low book-to-market ratio. The error term in the regression is denoted e.
The time series of monthly returns on R„, — R SMB, and HML are obtainedp
from 1&enneth French's Web site.'" We repeat this procedure For each time window
of interest, such as months I —3, and for each group of revisions, such as the
dropped-from-strong-buy list.

Table 9 shows the performance of analysts'ecommendation revisions. Over
the period of 3 months following the month of recommendation revision, the
average abnormal returns for upgrades are positive, and the returns for down-
grades are negaiive. The magnitudes of these returns are nontrivial. For example,
the addition of a stock to the strong-liuy list has an abnormal monthly return
of about .875 percent, or about 2.62 percent over the 3-month period. The
pattern is generally similar over longer windows. For example, over months
I — 12, the abnormal monthly return for the added-to-strong-buy list is .679
percent, or about 8.15 percent over the 12-month period. The abnormal returns
are significantly different from zero for upgrades in all cases; they are statistically
insignificant for downgrades in all cases except one.

*'Kenneth R. French, Fame/French Factors (file F-F Research D.tta Factors.rip at htip://mha
.tuckdartmouih.edu/pages/(acuity/ken.french/data lllirary.htnil).
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Table 9

hlcdium-Term Investment Performance of Recommendation Revisions

Portfolio

Months I —3 Months 1-6 Months I — 12

Abnormal Abnormal Abnormal
Monthly Monthly Monthly
Return Return Returll

(eg) t-Statistic (96) I-Statistic ('16) t-Statistic

Added to strong buy
Added to buy or strong buy
Dropped from buy or strong buy
Dropped fram strong buy

.875

.586
—.361
—.367

6.12"
4.49'

— 1.60
— 1.58

.758

.511
—.260
—.395

6.12'" .679 5.70 '.82'".503 5.38*'
1.28 —.072 —,4 I

— 2.00" —.231 — 1.49

Note. Abnormal returns are r ported For three event windows relative to the month of revision (month
0) and are computed using an approach similar to tint in gerber, Leiiavy, and Trucman (2007). Th»
abnormal return is the estimated intercept from a time senes regression oi'114 monthly portFoiio returns
using tiie Fame and French (1993) ttiree-factor mode!.

'Statistically significant at the 596 level in two-tailed tests.
"Statistically significant at the I'4 level in two-tailed tests.

6.2. Cross-Scctioirnf Annlysis

Table 10 shows the results of a regression similar to that in Section 5.1.2,

except that the dependent variable here is the average monthly abnormal return
for a firm over months 1-12 following the month of a recommendation revision.
We compute this abnormal return by estimating a time-series regression similar
to that in equation F4) over months I— 12 1'or each stock in a sample of rec-

ommendation revisions. The intercept from this regression is our estimate of
the performance of the recommendation revision. Observations involving rec-
ommendation revisions on a stocl& that occur within 12 months of an earlier
revision are omilted from each regression."

In each regression result reported in Table 10, the cocfftcients of IB revenue
percentage and commission revenue percentage are not statistically significantly
different from zero. These results I'avor the rational discounting hypothesis, at
least For the marginal investor. The performance of both groups of recommen-
dation upgrades is negatively related to company size; the performance of one
group of downgrades is positively related to the dummy variable For WSJ All-

Star Analysts. None of the other variables is statistically significant.

7. Bubble versus Postbubble Periods

We next exploit the Fact that our sample spans both the late-1990s U.S. stock
bubble and a postbubble period. During the bubble period, initial public offer-

ings, merger activities, and stock prices were near record highs, and media
attention was focused on analysts'ronouncements. We therefore examine
whether analysts'ehavior and investors'esponses to analysts'ecommendations
differed during the bubble and postbubble periods. Given the euphoria on Wall

"The results are qualitatively similar ivhcn we include these observations.



Table 10

Cross-Sectional Regressions of Average h(onthly Abnormal Returns following Recommendation Revisions over Months I — 12

Explanatory Variable

Intercept

Investment banking revenue (9«)

Brokerage commission revenue (9«)

Large brokerage house dummy

Company size

/«eri«i«n«/ Investor AE-America analyst dummy

'IV«// Street Jottr««/ AE-Star Analyst dummy

Company-specific research expencnce

Number of companies followed

Observations
Adjusted

R'-Value of /ntest

Added to
Strong Buy

.0523
(1.81)
—.0089

(-1.23)
.0064

( I 32)
.0009

(.38)
—.0013

(-2.74)**
—.0029

(-.58)
.D031

(1.24)
.0004

(1.08)
—.0011

( — 1.61)
6,411

.026
&.0001

Added to Buy or
Strong Buy

.0089
(.49)

—.0018
(-.29)

.0059
(1.54)
—.0027

(
— 1.32)

—.0017
(-4.18)"*

.0001
(,01)

.OOD2
(.12)
.0004

(1.80)
—.0008

(
— 1.79)

8,851
.023

&.0001

Dropped from Buy or
Strong Buy

—.0646
(

— 6.81)"
.0042

(.64)
.0057

(1.21)
.0016

(.72)
— .0007

(
— 1.71)

— ,0016
(— 44)

— .0029
(

— I N2)
.0004

(.76)
—.0002

(
— 45)

10,644
.019

&.0001

Dropped from

Strong Buy

—.0821
(-6.55)"

—.0068
( —.87)

.0031
(.75)
.0015

(.77)
—.OD07

(-1.54)
—.0009

( — 23)
.0056

(2.29)'0004

(.92)
—.0002

(-.47)
8,368

.020
&0001

Note. Shown are thc coeflicicnt eslunates and (in parentheses) t-statistics fzom ordinary least squares regressions. Month 0 is the month of recommendation revision

Thc abnormal return is rhe estimated intercept from a ume-series regression of monthly portfolio returns m accordance with the Fame and French (1993) three-

factor modcL Data on recommendauons are drawn from the Institutional Brokers Estimate System (I/O/E/S) U.S. Detail Recommendations History file for 1994-2003.

Invesunent banking and brokerage commission revenue data refer to the percentage of the brokerage lirm'i total revenues derivcii from invesunent banking and

brokerage commissions. The large brokerage house duntmy is an indicator variable that equals one if a brok«rage house is in the top quartile of all houses, based on

th«number of analysts issuing siock rccnmmendations on I/O/BS in a given calendar year. Company size is thc natural logariihm of the market capitalization of the

company followed, measured 12 months prior to th«cnd of the current month. The I isri/iition«l Invest«r AB America Research Team and IV«B Street /«iim«/AB Srar

Analyst dummies arc indicator variables that equal onc if tlie recommending analyst was listed as an AB-America Research Team member or AE-Star Analyst in thc

most recent analyst rankrng. Company specific research experience is the natural log of one plus the number of days that an analyst has been issuing I/8/BS research

on a company. Number of companies followed equa(i the natuml log of onc plus the number of companies fogowed by an analyst in rhc current calendar year. AB

regressions include dummy vanables for calendar-year and nvo-diyt I/O/E/5 semor industry group industries (not reported). Thc t-statistics are based on a robust

variance estimator.
'Statistically signilicant at the 5'/« level in two-tailed tests.
"Statistically signi/icant at the 196 levd in two-tailed tests.
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Table 11

Ordcrcd Probit Regression of Recommendation Levels Nct of the Consensus
for Bubble versus Postbubble Periods

Bubble Postbubble p-Value

lmestment banking revenue (9he)

Brokerage revenue (qh)

.5103"
—.1868"

.3089'2286'.001
&.001

Note. The explanatory variables are as in Table 3, except that (a) th investment banktng revenue and
brokerage commtsston rr.venue percentage variables are intcracted with dummy variables fnr the bultblc
or postbubble period and (6) calendar-quarter dummies are replaced with a postregulation irulicaror (which
is equal to on for quarters ager Ivtay 2002). Shown are the roc(Scient c timatcs of investment funking
and brokerage revenue percentage variables for the bubble and posrbubbie periods and the p-value for the
difference in tbe co Biment esttmato benveen Ihe two periods. All test statistics use robust variance estirn store.

'Statistically significant at the tpa level in two-railed rests.

Street and among investors during the bubble, analysts appear to have been
under acute pressure to generate IB fees and brokerage commissions. As for the
response of investors, the rational discounting hypothesis predicts greater dis-
counting of analysts'pinions during this period in response to heightened
conflicts, while the naive investor hypothesis predicts less discounting.

We estimate regressions similar to those For relative recommendation levels
(Table 3), those for announcement abnormal returns (Table 6), those for an-
nouncement abnormal volumes (Table 8), and those for 12-month investment
performance of recommendation revisions (Table 10), except that we now in-
teract IB revenue percentage anti commission revenue percentage with dummy
variables for the bubble (January 1996-March 2000) and postbubble (April
2000—December 2003) periods. Accordingly, we restrict the sample period for
these regressions to January 1996-December 2003. For regressions corresponding
to those with results shown in Table 3, we also replace the calendar-quarter
dununies with a postregulation indicator (equal to one for quarters ending after
May 2002). In May 2002, both the NYSE and the National Association of Se-
curities Dealers considerably tightened the regulations on the production and
disseminaiion of sell-side analyst research." The findings of Barber et al. (2006)
and Kadan et al. (Forthcoming) suggest that these regulations exerted a downward
pressure on recommendation levels. The regression results are presented in Tables
11 and 12. To save space, we report only the coeffqcient estimates for IB revenue
percentage and commission revenue percentage.

The results in Table 11 show that analysts appear to have inflated their rec-
ommendations in response to IB conflicts during both the bubble and postbubble
periods. But the magnitude of this effect is substantially greater during the bubble
period than during the postbubble period. This difference is statistically signif-
icant. The magnitude of the e(Tcct is smaller I'or brokerage conflicts than for IB
conflicts during both periods. In fact, the effect for brokerage conflicts is negative

n See NYSE Amended Rule 472, "Communications tviih ihe Public," and National Association of
Securities )3ca)crs Rule 2711, "Research Analysts and Rcscarch Reports."



Table 12

Ordinary Least Squares Regressions of Abnormal Returns, Abnormal Volumes, and
Abnormal Stock Performance for Bubble and Postbubble Periods

Dropped from Buy or
Added to Strong Buy Added to Buy or Strong Buy Strong Buy Dropped from Strong Buy

nubbl Po ibubble p-Valu Bubble Postbubblc p-Vduc Bubbl Postbubblc 8-Value nubble Postb bble p-Vahie

CARs, days — I to li
Investmcnt banking revenue (ok)

Brokerage revenue (%)
CAVs, days — I to k

Investment banking revenue (9'o)

Brokerage revenue (%)
Average nionthly CARs, months I-12i

Investmcnt bankuig revenue (9o)
Brokerage revenue (%)

—.0076
—.0042

— .0052
— .0008

—.0016

.0069
—.0151

.0108

—.U248'.0120
—.0114 —.0105"

.083 —.0121 '.0080

.827 — .0099** — .0110"

.655 — .0065 —.0082'376

— .0054" — .0031

.273 .00001 .0083

.511 .0086 .0096

.699 .0757* .0130

.179 .0106* .0139"

.420 —.0085

.842 .0035
.0223"
.0136

.517 —.0125 —.0379"

.720 — .0063 — .0208**
.027 —.0361'* —.0345'" .908
,003 .0017 —.0114* .024

.214 .0555"

.521 .0046
0153 002
.0141" .056

.003 —.0123 —.0051 .564

.101 —.0036 .OU91 .019

Note. The explanatory variables are as in Tables 6, 8, and 10, except that the investment banking revenue and brokerage commission revenue percentage variables
are intcracted with dummy vanablcs for the bubble or postbubble period. Shown are the coefficient estimates of the uivestmcnt banking and brokerage revenue
perccntagc variables for the bubble and postbubble periods and thc p-value for thc difference in the coefficient estimate bcnveen the two periods. Day (month) 0 is

the recommendation revision date. AB test statistics use robust variance estimators. CAR = corno(arise abnormal return; CAV = cumulative abnormal volume.
'Statistically significant at the 5% level in iwo-tailed tests.
"" Statistically stgntgcant at the 1% level in nvo-tailed tests.
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during the bubble; it is positive and statistically significantly higher during the
postbubble period.

Table 12 shows that, in regressions of 3-day abnormal returns, the coefficients
of both IB revenue percentage and commission revenue percentage are negative
and statistically signiiicant during thc bubble period for both groups of upgrades.
For the added-to-strong-buy group, the coefficient of IB revenue percentage is

significantly lower during the bubble period than during the postbubble period.
For downgrades, the coefficients of both variables are generally negative in both
periods, and they are statistically significantly lower during the postbubble period.

In regressions of 3-day abnormal volumes, the coefficients of IB revenue
percentage and commission revenue percentage are negative for upgrades and
positive for downgrades in afl cases, both during and after the bubble, These
coefficients are not statistically significantly different benveen the bubble and
postbubble periods for both groups of upgrades and one group of downgrades.
For the dropped-from-strong-buy group, the coefficient of IB revenue percentage
is statistically significantly larger during the bubble period than during the post-
bubble period, but the coefficient o( the commission revenue percentage is sta-

tistically significantly smaller. In regressions of 12-month postrecommendation
stock performance, the coefficients of both variables are statistically insignificant
both during and after the bubble period in nearly all cases, and this finding is

consistent with the results shown in Table 10 for the full sample period.
Qverafl, analysts appear to respond to IB conflicts both during and after the

bubble, but the magnitude of their response declines during the postbubble
period. Perversely, while analysts do not seem to respond to brokerage conflicts
during the bubble, they appear to do so after the bubble. Perhaps the intense
regulatory and media focus on IB conflicts has led analysts to lool& for alternative
avenues. 13id investors discount conflicted analysts'pinions more during the
bubble than in the postbubble period? The answer to this question is unclear.
However, our evidence does not support the notion that investors threw caution
to the wind during the bubble.

8. Summary and Conclusions

Following the collapse of the late-1990s U.S. stock market bubble, there has
been a widespread hue and cry from investors and regulators over the conflicts
of interest faced by Wall Street stock analysts. The discovery of e-mail messages,
in which analysts were privately disparaging stocks that they were touting pub-
licly, led to the landmark 51.4 billion settlement between a number of leading
Wall Street firms and securities regulators in April 2003. The settlement requires
the firms to disclose IB conflicts in analyst reports and imposes a variety of
restrictions designed to strengthen the iireivalls that separate research from IB.

Part of the settlement funds are set aside for investor education and for research
produced by independent firms. The settlement basically presumes that analysts
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respond to the conflicts by inflating their stock recommendations and that in-

vestors take analysts'ecommendations at face value.
Consistent with ihe view of the media and regulators, we lind that optimism

in stock recommendations is positively related to the importance ofboth IB and
brokerage businesses to an analyst's employer. This pattern is more pronounced
during the late-1990s stock market bubble with respect io IB conflicts. However,
we provide several pieces of empirical evidence that suggest that investors are
sophisticated enough to adjust I'or this bias. First, the short-term reactions of
both stock prices and trading volumes to recommendation upgrades vary neg-
atively with the magnitude of potential IB or brol&erage conflicts faced by analysts.
For instance, over the 3 days surrounding an upgrade to strong buy, a I-standard-
deviation increase in the proportion of revenue from IB is associated with a .31

percentage point decrease in abnormal returns and a .12 percentage point de-
crease in abnormal volume. These results suggest that investors ascribe lower
credibility to an analyst's upgrade when the analyst is subject to greater pressures
to issue an optimistic view. For downgrades, conflict severity varies negatively
with the short-terin stock price reaction and positively with the short-term
trading volume impact. This pattern is consistent with the idea that investors
perceive an analyst to be more credible if he or she is willing to voice an
unfavorable opinion on a stock despite greater pressures to be optimistic.

Second, we find no evidence that the 1-year investment performance of rec-

ommendation revisions is related to the magnitude of analysts'onflicts, either
for upgrades or for downgrades. This fmding suggests that, on average, investors
properly discount an analyst's opinions for potential conflicts at the time the
opinion is issued. Finally, investors discounted conflicted analysts'pinions dur-
ing the late-1990s stocl'ubble, even in the face of the prevailing market eu-
phoria. This evidence does not support the popular view that recommendations
of sell-side analysts led investors to throw caution to the wind during the bubble
period.

Overall, our empirical findings suggest that while analysts do respond io IB

and brokerage conflicts by inflating their stock recommendations, the market
discounts these recommendations after taking analysts'onflicts into account.
These findings are reminiscent of the story of the nail soup told by Brealey and
Myers (1991), except that here analysts (rather than accountants) are the ones
who put the nail in the soup and investors (rather than analysts) are the ones
to take it out. Our finding that the market is not fooled by biases stemming
from conflicts of interest echoes similar findings in the literature on conflicts of
interest in universal banking (for example, Kroszner and Rajan 1994, 1997;

Gompers and Lerner 1999) and on bias in the financial media (for example,
Bhaitacharya et al., forthcoming; Reuier and Ziizewiiz 2006). Finally, while we
cannot rule out the possibility that some investors may have been naive, our
findings do not support ihe notion thai ihe marginal investor was systematically
misled over the last decade by analysts'ecommendations.
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Appendix

This Appendix describes the characteristics of disclosing and nondisclosing
private securities firms, sheds some light on their decisions to publicly disclose
their income statements, and examines whether the resulting selection bias affects
our main results in Table 3. Table Al provides summary statistics of recom-
mendation levels and characteristics of disclosing and nondisclosing private se-
curities firms. Compared with nondisclosing firms, disclosing firms tend to be
smaller and more liquid and issue somewhat more optimistic stock recommen-
dations. The mean recommendation level is slightly higher for disclosing firms
than for nondisclosing firms. The median disclosing firm is smaller and holds
more liquid assets titan the median nondisclosing linn. All these differences are
statistically significant. The two groups of firms have similar financial leverage
ratios and 2-year growth rates in total assets.

We next examine cross-sectional determinants of a private securities firm's
decision to disclose its income statement. In an excellent review of the corporate
disclosure literature, Healy and Palepu (2001) point out that a firm is more
willing to voluntarily disclose financial information when it needs to raise external
linancing and when it is less concerned that the disclosure would damage its
competitive position in product inarkets. Ceteris paribus, firms with greater
growth opportunities, higher financial leverage, and less liquid resources are
more likely to need external financing. They are more likely to be open with
potential investors by disclosing financial information, including their income
statements. Similarly, sinaller firms are likely to have greater need for external
financing as they try to grow. In addition, given the intense competition in the
securities business, smaller private firms are also likely to be more willing to
disclose their profits and profitability because they have less business at stake.
For both reasons, smaller firms are likely to be more willing to disclose financial
information. We control for firm size by the natural logarithm of one plus total
assets in millions of dollars, for growth opportunities by the 2-year growth rate
of total assets, for financial leverage by the ratio of long-term debt to total assets,
and for liquidity by the ratio of cash and equivalents to total assets. We estimate
a probit regression of DISCLOSER, ivhich equals one for a disclosing firm and
is zero otherwise.

In accordance with the predictions of corporate disclosure theory, the coef-
ficients on firm size and liquidity are negative, and the coefficient on growth is
positive. Contrary to the prediction, however, the coefficient on leverage is neg-
ative. All of these coefficients are highly statistically significant. The pseudo-R'-
value of this model is .08. To save space, these results are not shown in a table.

Finally, we examine whether the selection bias caused by a private securities
firm's disclosure choice (and, consequently, the availability of data on IB revenue
percentage and commission revenue percentage) aAects our main results in Table
3. While there is no Heckman selectivity correction for the ordered probit model,
there is one for the regular probit modeL So we define a binary variable to



Table Al

Summary Statistics for Disclosing and Nondisclosing Private Securities Firms

Venable

lvlean

Disclosers Nondisclosers

Median

Sample Snc
P-Value p-Value of Rank
of r-Test Discloscrs Nondisclosers Sum Test Disclosers Nondisclosers

Recornmcndation levck
Level
Level minus median level

Firm size.
Total assets (5 millions)
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Note. Disclosers are brokers that publicly disclose their income statements, while nondisclosers are brokers that do not disclose them. The statistics for recommendation
level arc computed from individual analysts'ecornmcndation levels at rhe cnd of each quarter in the sample. The median recommcndauon level is computed at thc end
of each quarter and is bas d on ag analysts recommending a stock. The statistics for broker charactertstics are computed across broker years. Thc firm size statistics arc
inflation adjusted (with Consumer price Index numbers and with 20o3 as the base year). The 2-year growrh rate is (Total assets, I Total assets,)'" — I.

az co m
al o x
lo
ta ts

tx —.

zo no0



Exhibit No.
Schedule PMA-15
Page 32 of 35

534 The Journal of LAW e9 ECONOMICS

measure an optimistic recommendation that equals one if an analyst's recom-
mendation level on a stock exceeds the consensus level and equals zero otherwise,
We then replace the dependent variable in the regression in Section 4 with this
optimistic recommendation dummy. Using the subsample of private securities
lirms, we estimate the resulting equation in two ways: (n) with a regular probit
model and (b) with a Heckman selectivity-corrected probit model, where we use

the equation described in the second paragraph of this Appendix as the selection

equation. tVhen we use approach b, the coefficient of the selection term (that
is, the inverse lvlifls ratio) is statistically significant in the second-stage prabit
regression. What is more important for our purposes is that the sign, magnitude,
and statistical significance of our main explanatory variables, the IB revenue
percentage and the commission revenue percentage, are similar in the regular
probit and the Hackman-corrected probit regressions. These results do not sup-
port the idea that our main lindings arc driven by the selection bias caused by
a private securities lirm's decision to disclose its revenue breakdown. To save

space, these results are not shown in a table.
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